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Abstract 

Mood plays a vital role in influencing human productivity, emotions, and learning effectiveness. Music is widely 

known as one of the media that can influence and adjust human mood. However, most music player applications 

still rely on manual playlist selection and do not adapt dynamically to the user's emotional condition. This study 

proposes Moodify, an intelligent music player application that utilizes machine learning techniques to detect user 

mood and provide personalized music recommendations. The problem addressed in this research is the lack of 

adaptive music recommendation systems based on real-time user mood. The purpose of this research is to design 

and analyze a mood-based music recommendation system that can enhance user experience. The research method 

uses a machine learning-based classification approach to identify user mood from input data, followed by a 

recommendation algorithm that matches music characteristics with detected moods. The results show that 

Moodify is able to recommend music that aligns with user emotional states, improving comfort and engagement. 

This research contributes to the development of intelligent multimedia applications that support emotional well-

being and personalized digital experiences. 

Keywords: mood detection; music recommendation; machine learning; intelligent application. 

 

I. INTRODUCTION 

Music has become an integral part of daily human 

activities, including studying, working, relaxing, and 

entertainment. Different types of music can evoke 

different emotional responses, such as happiness, 

sadness, calmness, or motivation. According to 

several studies, listening to music that matches an 

individual's mood can improve concentration, reduce 

stress, and enhance emotional stability (Karimi et al., 

2022). Despite this, most existing music streaming 

applications require users to manually select playlists 

or genres, which may not always align with their 

current emotional state (Niepert & Garcia-Duran, 

2018). 

Previous research has explored music 

recommendation systems using collaborative 

filtering and content-based approaches. However, 

many of these systems focus primarily on user 

listening history rather than real-time emotional 

context. Recent studies have introduced mood-based 

music recommendation using machine learning, but 

challenges remain in accurately detecting mood and 

integrating it seamlessly into user-friendly 

applications (Kulkarni, 2021). 

The theoretical foundation of this research is based 

on affective computing, which focuses on 

recognizing, interpreting, and responding to human 

emotions using computational systems. Machine 

learning techniques, particularly classification 

algorithms, have been widely used to identify 

emotional states from various forms of user input 

(Ghrabat et al., 2019). 

This research aims to develop Moodify, an intelligent 

music player application that can automatically 

detect user mood and recommend suitable music. The 

novelty of this research lies in integrating machine 

learning-based mood detection with a personalized 

music recommendation system to create an adaptive 

and emotionally aware music player(Steinberger et 

al., 2014). 

 

II. RESEARCH METHODOLOGY 

The research methodology employed in this study 

consists of several stages: system design, data 

processing, mood classification, and music 

recommendation (Mooley et al., 2022). The system 

framework begins with user input, which may 

include text input or interaction patterns. This data is 

processed and analyzed using machine learning 

algorithms to classify the user's mood into predefined 

categories such as happy, sad, relaxed, or 

motivated(Lumban Gaol, 2021). 

The machine learning model is trained using labeled 

mood datasets. Feature extraction techniques are 

applied to obtain relevant attributes from the input 

data. A classification algorithm, such as Support 

Vector Machine (SVM) or K-Nearest Neighbor 

(KNN), is used to determine the user's mood. Once 
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the mood is identified, the system applies a 

recommendation algorithm that matches the detected 

mood with suitable music tracks based on predefined 

music attributes (Habibie, 2022). The overall system 

framework can be illustrated in a flowchart consisting 

of input, mood detection, classification, 

recommendation, and output stages (Lamba et al., 

2022). 

 

III. RESULTS AND DISCUSSION 

The implementation of Moodify demonstrates that 

the system can identify a user's mood and recommend 

appropriate music. Testing results indicate that users 

experience improved satisfaction when listening to 

music that aligns with their emotional state. The 

mood classification model achieves acceptable 

accuracy in distinguishing between different mood 

categories(Govorunova & Sineshchekov, 2020). 

 

 
 

 

Figure 1. User interface of the Moodify application 

showing login, registration 

 

Compared to conventional music players, Moodify 

offers more adaptive and personalized experience. 

The results of this study are consistent with previous 

research that emphasizes the importance of emotional 

context in recommendation systems. However, 

limitations include dependency on the quality of 

input data and 

the need for 

larger 

datasets to 

improve classification accuracy (Steinberger et al., 

2014). 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Figure 2. User Interface and Mood Detection 

Process of the Moodify Application 

 

IV. CONCLUSION 

Based on the research conducted, the following 

conclusions can be drawn: Mood. The mood-based 

recommendation system enhances user comfort and 

engagement. The integration of affective computing 

concepts improves personalization in music player 

applications. Limitations related to data accuracy and 

T 

 

V. RECOMMENDATIONS 

Future research is recommended to incorporate 

additional data sources such as facial expression 

or physiological signals to improve mood 

detection accuracy. Further development may 

also explore deep learning techniques to enhance 

recommendation performance. 
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